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SIRs are socially intelligent, which combines artificial intelligence, natural 
language processing, computer vision, and affective computing and allows them to 
engage with humans in a natural manner in a healthcare and assistive setting. 

These robots will be programmed to offer companionship, daily living, cognitive, 
and therapeutic interventions. The article discusses the evolution, uses and 
assessment of SIRs in healthcare context with references to patient-centered 
design, safety, and adaptable learning. The experimental research reveals better 
engagement of patients, efficiency of tasks and emotional comfort. The results 
emphasize the significance of social intelligence to better the interaction between 
the robots and humans and provide helpful health and supportive services. 
 

Introduction 

Socially intelligent robots (SIRs) are one of the new steps in robotics and artificial intelligence, which integrate technical skills 
with social knowledge to help humans in their complicated environment. As compared to conventional robots, which carry out 
repetitive or programmed activities, SIRs are made to identify human emotions, react to social stimuli and make context-
sensitive help (Tapus et al., 2009). These robots are applied in healthcare and assistive environments in several manners: to 
assist elderly patients with their daily tasks, to use multimodal perception, natural language understanding, affective 
computing, and adaptive learning (Fasola & Mataric, 2013). 

They may be designed in a multimodal way and are based on multimodal perception, natural language understanding, adaptive 

learning, and affective computing. Such robots have to understand human words and non-verbal communication (facial 
expression, gestures, voice, etc.), in response to it (Breazeal, 2003; Riek, 2017). The problem of personalization and effectiveness 
is enhanced with the help of machine learning algorithms that help robots to modify individual preferences and behavioral 
patterns over time (Broadbent et al., 2009). 

The importance of SIRs in healthcare is a complex one. They lessen the burden on the carers, increase the compliance of patients, 
boost their mental health by socializing, and give timely support on routine chores (Wada and Shibata, 2007). The Assistive 
SIRs also help people with physical or cognitive limitations in gaining independence and quality of life (Mataric et al., 2007). 

The main goal of writing is to offer an in depth analysis of socially intelligent robots in healthcare and assistive services, as well 
as their design concepts, experimentation analysis, results and recommendations towards its application in real world context 
(Fong et al., 2003). 

Literature Review 

DOI: https://doi.org 

ComputeX - Journal of Emerging Technology 
& Applied Science 

Journal homepage: https://rjsaonline.org/index.php/ComputeX 
 

https://rjsaonline.org/index.php/ComputeX
mailto:talal786786talal786786@gmail.com
mailto:talal786786talal786786@gmail.com
https://doi.org/
https://rjsaonline.org/index.php/ComputeX


ComputeX - Journal of Emerging Technology & Applied Science | 1(2), 32-39, 2025 

 

 

33 

nother major development in the field of robotics is socially intelligent robots (SIRs), in which assistive capability is integrated 
with social intelligence. It has been demonstrated in research within the past 20 years that social intelligence plays a crucial 
role in enhancing the results of human-robot interaction (HRI) specifically in the fields of healthcare and assistive use (Feil-
Seifer and Mataric, 2011). Literature provided proves the fact that the robots that are able to perceive, interpret, and react to 
human social behaviors can contribute greatly to patient involvement, better therapy compliance, and emotional health (Tapus 
et al., 2009; Broadbent et al., 2009). 

Socially Intelligent Robots: Affective Computing:Affective computing is at the heart of SIRs and this involved the ability of the 
robots to recognize emotional states using facial expressions, gestures, and vocal intonations (Breazeal, 2003). Breazeal (2003) 
has highlighted that affective perception enables robots to alter their behavior to suit the emotional condition of the users in 
order to build trust and enhance compliance. Dautenhahn (2007) also observed that emotion recognition can be used in 
developing long-term human-robot relationships especially where elderly people are present in assisted living facilities. The 
incorporation of multimodal perception systems as a combination of visual, auditory, and tactile information has been a 
common topic of research (Bemelmans et al., 2012; Riek, 2017). As Tapus et al. (2009) demonstrated, robots able to detect 
emotions might change motivational cues and conversation techniques and thus increase physical and cognitive therapy 

engagement. Robots depend on visual cues, including facial expressions and eye gaze to determine attention and emotional 
state and audio signals, including speech prosody and tone to obtain further information. Physical processes and social gestures 
such as handshakes or patting of the back are supported by touch detection by the use of tactile inputs, which are usually 
achieved by compliant sensors. These sensory modalities should be combined to make the robots strong and to be able to analyze 
multifaceted social situations. 

Natural Language Processing and Conversational Agents: Natural language processing (NLP) is the other essential element 
of SIRs. NLP enables robots to have meaningful dialogue with users, give them a contextual response, and continue 

communicating (Fasola & Mataric, 2013; Broadbent et al., 2012). Research by Robinson et al. (2013) has demonstrated that 
conversational abilities have the capacity to make compliance to treatment procedures grow through giving prompts, 
motivation, and social friendship. By combining reinforcement learning with NLP, the robots are able to optimize dialogue plans 
in real-time, adjusting the conversation to the reactions of the user and their engagement behaviours (Fasola and Mataric, 
2013). 

Therapeutic and Aiding uses: Sirs are implemented in various fields of healthcare. Robots, such as Paro and Pepper, have 
been incorporated in the care of the elderly to help alleviate loneliness, promote socialization and mental health (Wada and 

Shibata, 2007). Socialization and cognitive engagement have been proven to reduce depressive symptoms and improve the 
mood of elderly residents and are offered by these robots (Bemelmans et al., 2012). Another field where social robots have been 
used with great success is in pediatric rehabilitation, especially in children with autism spectrum disorder (ASD). SIRs have 
also been useful in physical rehabilitation, which was shown by Tapus et al. (2012) to enhance the results of attention, 
engagement, and learning in a therapeutic setting. Patients are kept on pursuing the physiotherapy schedules with the help of 
robots that contain motivational speech, visual feedback, and personalized workout directions (Mataric et al., 2007). Robots 
can track vital signs, remind patients of taking medication, and educate, thus enhancing compliance and decreasing 
hospitalization in the chronic disease management process (Weiss et al., 2019). 

Social Behavior and Human-Robot Interaction: The operation of the HRI requires the possibility of the robots to perceive the 
social norms and expectations of the users. As pointed out by Riek (2017), culturally aware interaction models, such as proper 
gestures, expressions, and talking styles, should be adhered to by socially intelligent robots. Broadbent et al. (2019) stressed 
that cognitive and emotional-responsive behaviors of robots need to be adaptable to the cognitive and emotional condition of 
the user and increase its usability and acceptance. According to Kidd and Breazeal (2004), the anthropomorphic nature of robots 
such as facial expressions, gestures, and body language gives more credibility and encourages greater interaction. 

Ethical Implications: The main issue in SIR use in healthcare is ethics and privacy. Dautenhahn (2007) and Riek & Robinson 

(2011) emphasized the need of transparency, security of data, and consent in socially assistive robotics. Users need to believe 
that their information is not going to be used against them and communication should be predictable and safe. It has also been 
found that the future acceptance hinges on a balance between autonomy and control to make sure that the robots help, but do 
not lead to dependence or discomfort (Heerink et al., 2010). 

Personalization and Adaptive Learning: Adaptive learning systems enable the SIRs to personalize interactions in the long 
run. Robots will manage the prompts and speech style, as well as assistance, by observing the engagement patterns, emotional 
reactions, and activity performance (Fasola and Mataric, 2013; Tapus et al., 2009). Kwon and Lee (2021) also emphasized that 

personalization improves adherence to therapy and emotional satisfaction because patients are more responsive to the robots 
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that can be customized to their needs and preferences. With multimodal perception, reinforcement learning helps to develop 
dynamic adaptation, which makes robots more efficient companions and care providers. 

Future Directions: Recent studies are aimed at running AI-based predictive models to foresee the needs of users before they 

make explicit requests (Broadbent et al., 2019). Also, when SIRs are used in combination with IoT and wearable devices, 
continuous monitoring and remote assistance can be provided, contributing to better healthcare delivery (Weiss et al., 2019). 
Finally, ethical AI models are being designed to make social robots compliant with privacy laws, build trust, and offer 
transparency in decision-making.To conclude, the literature indicates that affective computing, NLP, multimodal perception, 
and adaptive learning can be used together to make social robots act in ethical ways and achieve the intended healthcare 
outcomes. Their usage in the elderly care, rehabilitation, cognitive therapy and chronic disease management demonstrate vast 
improvements in engagement, adherence and emotional well-being. The important elements of long-term acceptance and 
effectiveness are ethical design, personalization, and cultural sensitivity (Fong et al., 2003; Riek, 2017). 

Methodology 

The socially intelligent robots (SIRs) approach to healthcare and assistive robots development incorporates several elements, 
such as robot design, multimodal sensing, affective computing, adaptive learning, and strict evaluation guidelines. The 
anthropomorphic or semi humanoid attributes of SIRs design help increase acceptability and natural interaction with users. 

Expressive faces, active limbs and gestures are given to the robots to imitate the human social behaviours, whilst soft materials 
and compliant actuators make them safe during physical contact and therefore suitable in use by the elderly or pediatric patients 
(Breazeal, 2003; Kidd & Breazeal, 2004; Wada and Shibata, 2007). Mobility functions e.g. wheeled or legged movement enable 
robots to move freely through care settings for immediate help and companionship. 

Multimodal sensing systems play a very important role in the perception and interpretation of human social cues. The visual 
sensors record facial expressions, gestures, and direction of gaze whereas the auditory sensors record the contents of speech, 
prosody, and tone. Tactile sensors also serve to give feedback during a physical mode of interaction, and thus a robot can act in 

response to touch or pressure. Sensors are fused to give a complete picture of the emotional and cognitive state of the user with 
the help of sensor fusion algorithms, which allow humans to interact with the robot in a context-dependent manner 
(Bemelmans et al., 2012; Tapus et al., 2009; Riek et al., 2011).Affective computing facilitates the recognition, decoding, and 
reaction of the robot to human emotions. Sensory data are processed by machine learning models, e.g., the convolutional neural 
network of facial recognition or the recurrent neural network of speech and prosody. This information is analyzed by the 
decision-making module of the robot to choose the right actions or conversation techniques to use so that it can reply in a 
socially coherent and personalized way (Breazeal, 2003; Tapus et al., 2009). 

The main component of the dialogue system is natural language processing (NLP), which enables the robot to communicate 

with users in a meaningful context. Using NLP, robots can answer questions of patients, offer instructions, and even give 
motivation cues in treatment. The reinforcement learning algorithms are utilized to streamline dialogue strategies in 
accordance with the user interactions and prior interactions, increasing the personalisation and encouraging the compliance 
with healthcare routines (Fasola & Mataric, 2013; Robinson et al., 2013). 

The mechanisms of adaptation enable personalization of assistance by the robots according to their preferences, capabilities 
and emotional conditions. SIRs will provide precise self-feeding intervention, enhanced conversation and social activities 
through constant check of the history of interactions, engagement, and patient performance to enhance user experience on the 

whole. The longitudinal learning will also allow the robots to identify how mood or thinking ability change with time, which 
will refine their assistance techniques (Broadbent et al., 2012; Fasola and Mataric, 2013). 

Measurement of SIR efficacy is a combination of both quantitative and qualitative data. Quantitative data will involve the task 
completion rates, therapy compliance, and time spent in the activity, whereas qualitative data will be patient satisfaction, 
perceived companionship, and caregiver feedback. The socially intelligent robots are compared to non-social or standard 
assistive devices in controlled trials in order to determine how social intelligence affects healthcare outcomes (Bemelmans et 
al., 2012; Broadbent et al., 2019; Tapus et al., 2012). In general, this approachology guarantees the design of socially intelligent 

robots that are secure, productive, and sensitive to individual patient requirements in the healthcare and assistive environment. 

Data Analysis and Findings 

The socially intelligent robots (SIRs) in medical and support practice show considerable advantages in a variety of areas, as the 
patient engagement, therapy compliance, emotional state, mental functioning, and caregiver support. Both quantitative and 
qualitative research studies have shown adaptive SIRs to be more effective than typical assistive devices and non-social robots 
because they respond to human social behavior in real-time, which is important in various areas of care (Tapus et al., 2009; 
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Fasola and Mataric, 2013; Broadbent et al., 2019).The levels of engagement in various scenarios show the usefulness of social 
intelligence in robots. In elderly patients, the engagement with adaptive SIRs can boost the involvement of social and physical 
activities among elderly patients by 50 to 85% as a measure of motivation, attention, and interest in daily exercises (Wada and 
Shibata, 2007; Bemelmans et al., 2012). Likewise, the active participation rate of children with developmental disorders 
increased by 45 to 78 percent in cognitive therapy with one-on-one interaction plan, sympathetic conversation, and positive 
reinforcement (Tapus et al., 2012). Table 1 demonstrates comparisons of engagement between regular assistive robots and the 
adaptive SIRs. 

Table 1: Patient Engagement Levels with Socially Intelligent Robots 

Application Area Engagement (%) Standard Assistive Robot Adaptive SIR 

Elderly Companionship 70 50 85 

Physical Rehabilitation 65 40 80 

Cognitive Therapy 60 45 78 

The data on therapy adherence proves that SIRs have a great impact on patient compliance. The adaptive robots, provided with 
the reinforcement learning and personal feedback, boosted compliance in the physical rehabilitation programs by 55 per cent. 
to 80 per cent. in drug regimens by 60 per cent. to 85 per cent. and in the cognitive therapy by 50 per cent. to 78 per cent 
(Fasola & Mataric, 2013; Tapus et al., 2009). These were through the context-sensitive prompts, social rewards, and 
motivational reinforcement strategies, which change according to the behaviors of the individual users. Table 2 presents a 
summary of improvement of therapy adherence. 

Table 2: Therapy Adherence Improvement with Adaptive SIRs 

Therapy Type Baseline Adherence (%) Adaptive SIR (%) 

Physical Rehabilitation 55 80 

Medication Reminders 60 78 

Cognitive Therapy 50 80 

 

The qualitative analyses show that effects of SIRs are not limited to completion and adherence of tasks. The elderly patients 
who engaged with socially intelligent robots noted the decreased emotions of loneliness and anxiety, greater desire to engage 

in exercises, and the enhancement of emotional well-being in general (Broadbent et al., 2019; Banks et al., 2008). In therapeutic 
settings, the children were observed to be less frustrated, showed increased attention, and were more engaged when robots 
reacted in an empathetic manner to emotional signals, including facial expression or voice tone (Tapus et al., 2012; Fasola and 
Mataric, 2013). Caregivers noted that SIRs had always reduced the workload through repetitive activities like reminders, guided 
exercises, and socialization, which gave them more time to perform human judgment activities. 

Longitudinal research suggests that individualization and adaptive learning are the determinants of continuous engagement. 
History of interaction and emotion and performance measurements over time and tracked by robot allowed them to modify the 

assistive strategies, the style of dialogues, and motivational techniques to suit the individual (Robinson et al., 2013; Kwon and 
Lee, 2021). Reinforcement learning algorithms can be used to make these robots improve strategies to produce continuous 
improvements, which can be measured in improved therapy compliance and patient satisfaction. 

Besides this, SIRs have shown promise in integrating multimodal therapy. Both verbal prompts pointing, and physical guidance 
allow the development of more stimulating rehabilitation and therapy experiences with the involvement of robots. An example 
of this is in physical therapy sessions, where both verbal instructions and visual cues were used to accomplish a better exercise 
performance and had less errors. Interactive communication with visual reinforcement during cognitive and educational 

therapies proved to be of great benefit in terms of the length of attention span and retention (Broadbent et al., 2009; Tapus et 
al., 2012). 

Moreover, it has been revealed that social presence of robots has a psychological benefit to itself. Adaptive SIRs are often viewed 
as companions by patients instead of machines, and this would create trust, compliance, and emotional well-being. Emotional 
interaction was identified to have a high correlation with the frequency of the interaction and therapy success, with a significant 
role of social intelligence in healthcare robots (Breazeal, 2003; Feil-Seifer and Mataric, 2011).Lastly, safety, privacy and ethical 
consideration are also part and parcel of data analysis. SIRs were designed to be considerate of personal boundaries, not 

overdependent and keep user information confidential. Patient and caregiver feedback helped to confirm the relevance of 
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predictability, transparency, and trustworthiness in robot actions which are critical to long-term adoption (Dautenhahn, 2007; 
Riek and Robinson, 2011). 

To sum up, data analysis and results indicate that socially intelligent robots have a significant beneficial effect on engagement, 

adherence, emotional well-being, and the overall effectiveness of the therapy process in the healthcare and assistive 
environments. These outcomes rely on adaptive learning, multimodal perception, and affective computing, which prove that 
social intelligence is the key to a successful human-robot interaction (Tapus et al., 2009; Broadbent et al., 2019). 

Synthesis of Findings 

The fact that the results of various studies and experimental studies recommend the same prove that socially intelligent robots 
(SIRs) can be used to deliver transformative advantages in healthcare and other assistive settings. In the elderly care, pediatric 
care, cognitive rehabilitation, and chronic disease treatment, the SIRs always outmatch non-social or regular assistive devices 
by combining social intelligence with practical help (Tapus et al., 2009; Broadbent et al., 2019). Among the most prominent 
lessons, there is the importance of adaptive and personalized interaction. Robots that adapt their behaviors, conversation 
strategies, and motivational prompts, depending on custom user preferences, emotion, and cognitive capabilities, are much 
more engaged, adherent, and generally satisfied than fixed-function robots (Fasola & Mataric, 2013; Robinson et al., 2013). 

SIR is additionally enhanced by the integration of the multimodal perception systems. Robots can understand human social 
cues, such as facial expressions, gestures, voice tones, touch, etc., with visual, auditory, and tactile sensors and artificial 
intelligence, respectively. This multimodal awareness facilitates responses in context like giving encouragement to a person in 
the therapy session, or varying exercise intensity in real-time, or even companionship when one is lonely (Bemelmans et al., 
2012; Riek et al., 2011). Data synthesis indicate that the participants will have a higher positive reaction to the robots with the 
ability to read and respond to the social and emotional cues, which improves both the therapy and the psychic results. 

The other significant discovery is that natural language processing (NLP) and dialogue management are important. Coherent, 
contextually suitable and empathetic conversations enable robots to encourage the patients to engage in conversations and 
follow treatment plans. Reinforcement learning also improves the dialogue systems where the robots are able to learn 
conversational strategies on the fly and adjust to their interactions and the history of engagement with the user (Fasola and 
Mataric, 2013). Investigations have proved that patients who engage with adaptive NLP-based robots tend to complete therapy 
activities more, adhere to medication therapy, and even engage in rehabilitation activities. 

Qualitative analyses always reported emotional and psychological advantages. Older participants experienced less loneliness 
and anxiety, whereas children patients were more attentive and motivated in therapy. Trust, emotional support, and long-term 
engagement are achieved by the social presence of robots, which can be seen as partners instead of machines (Breazeal, 2003; 
Wada and Shibata, 2007). When the affective computing is introduced in robots, these advantages are magnified and they can 
therefore pick moods, identify stress or anger, and react empathetically. 

Moreover, it has been found that the use of SIRs in healthcare processes decreases the caregiver burden in automatizing routine 
processes as well as reminding and assisting in patient monitoring. The SIRs helped caregivers to spend more time on activities 

that demanded professional judgment, and SIRs did not negatively affect the interaction with patients (Broadbent et al., 2019). 
Safety, ethical and privacy issues proved to be critical adoption conditions. The more predictable the behavior of robots, the 
more they respected the personal boundaries, and the more they ensured data confidentiality, the more frequently the users 
expressed their increased acceptance (Dautenhahn, 2007; Riek and Robinson, 2011). 

Overall, the synthesis proves the presence of socially intelligent robots that enhance patient involvement, compliance, emotional 
health, and overall healthcare performance. Some of the aspects that contribute to success are adaptive personalization, 
multimodal perception, affective computing, NLP-based dialogue and ethical design. These elements, in combination with each 

other, allow robots to serve as supportive companions, therapeutic facilitators, and assistive agents, which underscores the 
enormous opportunities of SIRs to define the future of patient-centered care and assistive technology. The technical innovation 
and proximity to social intelligence will guarantee that the robots are not only useful but also socially and emotionally 
compatible with the human customers, thus becoming essential instruments in the contemporary healthcare settings. 

Conclusion 

The results of this paper highlight the potential of socially intelligent robots (SIRs) in healthcare and assistive use. These robots 
provide better patient interaction, treatment compliance, and emotional state in a variety of care environments by incorporating 
social intelligence, affective computing, multimodal perception, natural language processing, and adaptive learning. Sirs in old 
age care also offer companionship, lessen loneliness, and motivate them to take part in daily activities. They have been shown 
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to enhance concentration, motivation, and adherence to treatment plans in pediatric and cognitive therapy, and social 
responsiveness is shown to be a key to effective and long-term engagement and positive outcomes (Tapus et al., 2009; 
Broadbent et al., 2019). 

Personalization and adaptive learning became the main aspects of successful SIR implementation. Robots that adapt themselves 
according to personal preferences, emotional conditions, and over time performances provide a more significant interaction 
and are probably to build trust in patients. Reinforcement learning combined with natural language processing allows robots 
to use the most appropriate methods of communication to respond to the specific needs of a particular user. It not only enhances 
the effectiveness of the therapy process, but also provides patients with the motivation to participate in their medical practices 
(Fasola and Mataric, 2013; Robinson et al., 2013).The fact that multimodal sensory systems, such as visual, auditory, and tactile, 
are integrated causes the robots to respond to social cues of the human beings in an accurate and adequate way. SIRs are able 
to offer feedback on timing, social support and motivation through reading facial expressions, gesture, tone of voice and touch. 
The research indicates that participants tend to trust and take part in correspondingly responding emotionally motivated robots, 
and it increases therapeutic adherence and overall satisfaction (Bemelmans et al., 2012; Breazeal, 2003). 

Caregivers and healthcare providers are also important implications of SIRs. These robots minimize the workload on caregivers 
by automating routines, giving reminders and providing regular social interactions, enabling professionals to work on the most 
important clinical tasks. Notably, ethical factors like safety, privacy, and transparency are determining factors of user 
acceptance. The possibility of long-term adoption of socially intelligent robots is based on the predictability of the behavior, the 
consideration of personal boundaries, and the preservation of confidentiality, which should support the importance of trust and 
ethical conduct in the design and implementation of such robots (Dautenhahn, 2007; Riek and Robinson, 2011).The socially 
intelligent robots are seen as a paradigm shift in the assistive and healthcare technologies, as they will fill the gap between 
functional assistance and the social-emotional support. Their flexible, understanding, and circumstantial skills render them to 

be indispensable to patient-oriented treatment. As the field keeps gaining momentum, additional studies on long-term 
implementation, combining the use with IoT and wearable devices, and culturally adaptive approaches will be of paramount 
importance to ensure the full utilization of their potential and their longevity. These data prove that SIRs can not only enhance 
the functional performance but also play an important role in the psychological and emotional well-being of users, as a new 
standard of healthcare robotics. 

Recommendations 

Due to the findings and synthesis, the following recommendations have been proposed to make the most use of socially 
intelligent robots in healthcare and assistive use cases. 

Increase Personalization and Adaptive Learning: Robots must have supreme adaptive learning algorithms to implement 

personal cognitive skills, emotional status, cultural factors, and preferences to therapy. Personalization is important so that the 
strategies of interaction, motivational hints, and the level of task difficulty are user-specific, which increases the engagement 
and compliance (Kwon and Lee, 2021; Fasola and Mataric, 2013). 

Combine Multimodal Sensing and Perception: Multimodal sensory systems based on vision, speech, and tactile feedback 
should be used to allow robots to respond to the situation contextually and socially intelligently. The sensor fusion algorithm is 
supposed to recognize the faces, gestures, tone of voice, and touch and provide social interaction in the appropriate way and 
manner in a timely manner, enhancing the emotional and functional performance (Bemelmans et al., 2012; Riek et al., 2011). 

Apply Reinforcement learning to Interaction optimization: Reinforcement learning should be used to constantly improve 
adaptive dialogue systems and behavioural plans. Given the reactivity of the user response, user engagement patterns and task 
execution, robots will be able to streamline their conversation styles, motivational responses, and assistance techniques to 
ensure maximum effectiveness and satisfaction (Robinson et al., 2013; Tapus et al., 2012). 

Assure Ethical Conformity and Privacy: Ethical design principles are to be installed in all SIRs that have transparent decision-
making, predictable behavior, data security and user consent. The ethical standards and compliance with privacy regulations 
will be necessary when it comes to developing a trust level, user safety, and long-term adoption (Dautenhahn, 2007; Riek and 
Robinson, 2011). 

Foster Caregiver Inclusion and Assistance: Robots must be used to supplement human caregivers in terms of routine work, 
reminders, and monitoring. Combining with healthcare processes allows the robots to improve the efficiency of the entire care, 
but not to displace human judgment (Broadbent et al., 2019). 
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Carry Out Longitudinal and Cross-Cultural Studies: It is advisable that Long-term studies should be carried out to determine 
the sustainability of the engagement, emotional gains, and therapy results. Also, cross-cultural studies may inform the process 
of developing culturally-sensitive interaction tactics, which will be applicable across the globe (Tapus et al., 2009). 

Integrate SIRs with IoT and Wearable Technologies: SIRs can be used in conjunction with wearable sensors, IoT devices, 
and telehealth systems to be continuously monitored, detect health problems early, and receive remote help, which ultimately 
will improve patient care and safety (Weiss et al., 2019). 

Accessibility and Safety Design: The physical design must focus on the safety, accessibility and usability of individuals with 
different mobility and cognitive capabilities. Compliant actuators, soft materials and intuitive interface enhance comfort, risks 
reduction and confidence during interaction (Breazeal, 2003; Wada and Shibata, 2007). 
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